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Social media are often criticized as serving as a source of
misinformation, but in this study we examine how they may also
function to correct misperceptions on an emerging health issue.
We use an experimental design to consider social correction that
occurs via peers, testing both the type of correction (i.e., whether
a source is provided or not) and the platform on which the
correction ocratcurs (i.e., Facebook versus Twitter). Our results
suggest that a source is necessary to correct misperceptions
about the causes of the Zika virus on both Facebook and Twitter,
but the mechanism by which such correction occurs differs across
platforms. Implications for successful social media campaigns to
address health misinformation are addressed.
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Concerns about misinformation on a range of health, scientific, and political issues are not
new, but scholars and practitioners are increasingly concerned about the role that new
communication platforms play in facilitating the spread of misinformation (Garrett,
2011; Lewandowsky, Ecker, Seifert, Schwarz, & Cook, 2012; Rojecki & Meraz, 2016).
Although misinformation can emerge from a variety of sources – ranging from deliberate
attempts to manufacture or promote misinformation for political or financial gain to elite
or public misunderstandings of complicated issues – the reduced role of gatekeepers in
vetting quality information and increased opportunities to self-select content online
have both been suggested as reasons for additional concern about the potential for social
media to contribute to the spread and maintenance of misinformation (Lewandowsky
et al., 2012; Nyhan, 2010; Radzikowski et al., 2016; Rojecki & Meraz, 2016; Sharma,
Yadav, Yadav, & Ferdinand, 2016).
While social media can also serve as a source of corrective information to limit misperceptions on emerging health issues (Bode & Vraga, 2015), existing research is limited in
three ways. First, it only focuses on corrective information that comes from a platformbased algorithm (Facebook’s related stories function). In this paper, we consider correction that comes from social sources, given that peers are a primary source of information
on social media. Second, existing research combines the correction with the provision of a
source corroborating the correction. For this reason, we cannot be sure whether it is the
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corrective information, the credibility that goes along with providing a source, or the combination of the two that effectively corrects misperceptions. Finally, existing research considers a single social media platform – Facebook – in isolation. Because we know that the
competing social media platforms offer different affordances (Treem & Leonardi, 2012)
and may therefore be perceived differently by their users, we think it important to consider
whether these mechanisms vary by platform as well. Here, we investigate two social platforms commonly used for news and information – and often implicated in the spread of
misinformation – Facebook versus Twitter (Dredze, Broniatowski, & Hilyard, 2016;
Mitchell, Gottfried, Barthel, & Shearer, 2016; Radzikowski et al., 2016; Sharma et al., 2016).
We test these mechanisms using the emerging health issue of the causes of the spread of
the Zika virus in the Americas. In 2015, Zika started garnering international attention
when it was linked to microcephaly in infants, leading the World Health Organization
to declare it a Public Health Emergency of International Concern in February of 2016
(2016). But as worldwide concern about Zika has increased, so has the spread of misinformation about its causes and effects (e.g., Al-Qahtani, Nazir, Al-Anazi, Rubino, & AlAhdal, 2016; Griffiths, 2016; Worth, 2016). For example, one study found that posts containing misinformation about Zika are more popular on Facebook than are correct posts
(Sharma et al., 2016), while another found that pseudo-scientific claims about the virus
rise in tandem with public interest on Twitter (Dredze et al., 2016). The level of attention
and potential for misinformation on this issue on social media makes this an appropriate
test case for our questions.
This study moves beyond previous research to test how social correction – or correction
that occurs via one’s social contacts – may be effective in reducing misperceptions about
the causes of the spread of Zika on two social media platforms: Facebook and Twitter.
We use an experimental design in which we manipulate the type of social correction
(i.e., whether a source is provided or not as compared to a control condition with no misinformation) and the platform on which the misinformation and correction occur (i.e.,
Facebook versus Twitter). We expect that social corrections that provide an authoritative
source to substantiate the correction will be more effective than social corrections without a
source, but we are uncertain as to whether social corrections absent a source is at all effective compared to a control condition, or whether this process will differ on Facebook versus
Twitter. This has major implications for recommendations to social media users for when
they encounter misinformation – should they attempt to correct misinformation wherever
they encounter it, and if so, do they need to find corroborating evidence in order to do so?

Literature review
Misinformation and correction on social media
Worries about misinformation (e.g., false information) have been primarily focused on the
difficulty of correcting the misperceptions – which we define as individual ‘beliefs about
factual matters [that] are not supported by clear evidence and expert opinion’ (Nyhan
& Reifler, 2010, p. 305) – that arise from acceptance of the misinformation. In the
realm of health and science issues, these misperceptions are particularly problematic
because they can prevent individuals from engaging in appropriate behaviors to mitigate
risk (Dixon & Clarke, 2013; Rosenbaum, 2014; Tafuri et al., 2014) or prevent the public
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from appropriately weighing policy choices designed to address these issues (Fowler &
Margolis, 2014; Reedy, Wells, & Gastil, 2014).
Research has examined the conditions under which misperceptions can be effectively
corrected and updated. Social media seems a promising avenue for correcting misperceptions for several reasons. First, social media websites limit selective exposure tendencies
that often drive other media choices (Barberá, 2014; Barberá, Jost, Nagler, Tucker, & Bonneau, 2015; Messing & Westwood, 2014). As a result, people should have more opportunities to see corrective information on social media than in their regular media diet,
particularly if misinformation has become associated with a worldview that aligns with
partisan preferences for news – for example, as in the case of climate change (Feldman,
Myers, Hmielowski, & Leiserowitz, 2014; McCright & Dunlap, 2011).
Of course, mere exposure to corrective information is often not enough to reduce misperceptions. When encountering information that disputes a deeply held belief – even if
that belief is wrong – individuals are likely to use motivated reasoning to discredit or dismiss the new information (Bode & Vraga, 2015; Jerit & Barabas, 2012; Taber & Lodge,
2006). However, the social norms and pressures that apply when individuals use social
media may also override initial desires to engage in motivated reasoning and selective
exposure (Diehl, Weeks, & gil de Zuniga, 2016; Messing & Westwood, 2014; Thorson &
Wells, 2016), which might also render people more amenable to corrective information
in these social spaces. Previous research supports this argument, finding that providing
corrective information via the Facebook ‘related stories’ algorithm reduced misperceptions
on the issue of genetically modified foods and health, although not on the more established
issue of autism and vaccination (Bode & Vraga, 2015).
While such an effort is promising, there are several limitations in relying on algorithmic
correction. First, Facebook has come under fire for changes to its algorithm that may actually promote misinformation (Solon, 2016), and research has suggested that posts containing misinformation about Zika are more popular on Facebook than are correct posts
(Sharma et al., 2016). Second, people may trust machine heuristics like an algorithm
more than social connections they may not know very well (Bode & Vraga, 2015; Westerman, Spence, & van der Heide, 2014). Third, algorithmic correction is not available on all
social media. Twitter is commonly studied as a source of misinformation (Castillo, Mendoza, & Polete, 2011; Oyeyemi, Gabarron, & Wynn, 2014; Starbird, Maddock, Orand,
Achterman, & Mason, 2014), but currently lacks an algorithmic response that could correct misinformation as the only content generated by algorithms on Twitter is promoted
tweets (i.e., advertising). It is for this reason that this study focuses on social correction, or
correction that comes from other social media users rather than from the platform itself.
Social correction and providing evidence
Social correction is likely to differ from other methods of addressing misinformation in a
number of ways. Existing research on correcting misperceptions on a range of issue often
uses an authoritative source to rebut misinformation (e.g., Ecker, Lewandowsky, Swire, &
Chang, 2011; Nyhan & Reifler, 2010; Nyhan, Reifler, & Ubel, 2013). However, social correction relies on contacts on a social media network that are not necessarily credible themselves and instead are part of a large and unknown audience (Edwards, Edwards, Spence,
& Shelton, 2014; Marwick & boyd, 2011; Mitchell et al., 2016). Social correction can occur,
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in different ways, including when another user offers a statement refuting the misinformation but does not provide any evidence to support their claim, or when that user offers the
same statement but also provides a link to an expert source to bolster the refutation.
There are several reasons to expect that the latter case – providing a link to a credible
third party – will be more effective in correcting misperceptions. First, expertise is often
linked to credibility, which should enhance the effectiveness of corrections that rely on
experts in refuting misinformation, especially when the experts are considered unbiased
actors (Bode & Vraga, 2015; Petty & Brinol, 2008; Slater & Rouner, 1996). We expect
the external sources provided in this study – a link to the Centers for Disease Control
(CDC) and to Snopes.com – should have more credibility than the anonymous other
social media user (Edwards et al., 2014; Jahng & Littau, 2016; Mitchell et al., 2016). Second,
outside of the realm of misinformation specifically, providing more evidence to support a
claim has been shown to facilitate persuasion, especially in situations where individuals are
not motivated to carefully process the information (Eagly & Chaiken, 1993; Petty & Brinol,
2008; Petty & Cacioppo, 1984; Pornpitakpan, 2004). Third, offering a source to substantiate the correction of the misinformation can be seen in itself as a form of repeated correction, as it provides a correction not only from the individual but also from the credible
third-party sources (Lewandowsky et al., 2012).
For these reasons, we expect that social correction that includes a source will be the
most effective form of correction by reducing misperceptions that may exist among the
population in general (e.g., compared to a control condition) as well as compared to social
correction that occurs without providing an external source. In addition, we expect that
these social corrections that include a source will also be seen as more credible than
those that do not provide a source:
H1: Social correction that provides a source will reduce misperceptions compared to a control
condition.
H2: Social correction that provides a source will reduce misperceptions compared to social
corrections without sources.
H3: Social correction that provides a source will be seen as more credible than social corrections without a source.

However, it is also worth examining how social refutation without providing a source
compares to a control condition in terms of correcting misperceptions that exist on this
issue in the aggregate. For an emerging issue, misinformation should be easier to address,
which may suggest that a social correction may reduce misperceptions, even absent an
authoritative source (Bode & Vraga, 2015). Moreover, in this study the misinformation
is immediately countered by two short, simple social corrections, which have been
shown to be effective in other domains (Bode & Vraga, in press; Lewandowsky et al.,
2012). Finally, there has been a significant decline in trust in experts in scientific and
health domains, often fueled by media choices and ideological beliefs (Gauchat, 2012;
Hmielowski, Feldman, Myers, Leiserowitz, & Maibach, 2014; Kata, 2010), which may render social corrections sufficiently credible to counter misinformation. However, this study
also repeats the misinformation before providing the correction, which may serve to
reinforce the misinformation if the correction is not strong enough (e.g., Berinsky,
2017; Lewandowsky et al., 2012; Nyhan & Reifler, 2010). Because this difference has not
been studied, it is considered here as a research question:
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RQ1: Will social correction that does not provide a source reduce misperceptions compared
to the control condition?

Platform differences
Existing research on corrections made within social media platforms has focused primarily on Facebook (Bode & Vraga, 2015). While Facebook is the most-used social
media platform in the United States (62% of adult Americans use the platform, see
Duggan, 2015), other platforms also experience high levels of use, and their affordances
may change the way that misinformation or the correction thereof is perceived or
accepted by users. For this reason, in this study we compare Facebook to another frequently used platform, Twitter. Twitter is currently the fifth most-used social media
platform in the United States (behind Facebook, Pinterest, Instagram, and LinkedIn),
with 20% of American adults using the service (Duggan, 2015). However, because of
various functionality issues, we think Twitter is the next most likely platform to provide correction to misinformation. Pinterest and Instagram are primarily visual media,
which make correction more difficult, and LinkedIn is primarily used for employment
reasons, which does not necessarily encourage discussion of controversial issues. Twitter also has the highest percentage of users (out of these five platforms) who report
getting news through the platform, at 59% (Gottfried & Shearer, 2016). Finally, Twitter
has frequently been criticized for serving as a space where misinformation may flourish
(e.g., Ehrenberg, 2012; Lewandowsky et al., 2012; Oyeyemi et al., 2014; Radzikowski
et al., 2016), making it important to consider whether it can also function to correct
misinformation.
Further, it is important to test differences in correcting misperceptions on Facebook
versus Twitter, given that these platforms differ in a number of key ways. Scholars talk
about these differences in terms of social media ‘affordances’ – different aspects of social
media which transcend the individual platforms themselves (Ellison & Vitak, 2015; Gibson, 1986). They are defined not only by technologists, who create a platform, but also by
users who may uncover new attributes of the platform (Schrock, 2015). The classic four
affordances of social media are visibility (ease of posting, locating information), persistence (continuity of information after it is posted), editability (ability to craft and edit a
message), and association (connections between users and content) (Treem & Leonardi,
2012; see also boyd, 2010). Facebook and Twitter have similar affordances in these
terms – the content on each is visible, easy to view, and generally persists after posting,
but can be edited after the initial post is written.
However, the associations formed on Twitter differ from those formed on Facebook.
On Facebook, associations require mutuality – in order to become friends, both parties
must agree. On Twitter, the associations are one sided – I can choose to follow any public
account without consent required from the person I choose to follow. This represents a
fundamental difference in terms of the types of associations that are formed across platforms, which in turn may affect the way users perceive information from others, the ways
in which they engage with the platform, and the norms that develop within that platform
(Gruzd, Wellman, & Takhteyev, 2011) Therefore, on Twitter the imagined audience could
encompass the whole of Twitter, as compared to just a few hundred Facebook friends
(Gruzd et al., 2011; Marwick & boyd, 2011).
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There are also technical functions that vary between Facebook and Twitter. Most notably, Twitter first pioneered, and now uses conventions like the hashtag (#topic) much
more than these conventions are used on Facebook (Bruns & Moe, 2014; Small, 2011),
making it easier for like-minded communities to develop that extend beyond an individual’s social connections (Bode, Hanna, Yang, & Shah, 2015). The greater use of hashtags,
mentions, and hyperlinks on Twitter (Maireder & Ausserhofer, 2013) collectively produce
a ‘more inclusive mix of views (via emergent communicative norms), media objects (via
hyperlinking), and actors (via @-mentioning)’ than other media platforms (Lyons, in
press). Additionally, Twitter pages are largely public, whereas Facebook posts are generally
available only to a chosen network. This produces more of a ‘collective network’ and
encourages the sharing of community norms on Twitter (Gruzd et al., 2011).
Different affordances, more generally, can lead to different user experiences across
social media platforms (Fox & Moreland, 2015; Mao, 2014; Thorson, 2014). It is therefore
easy to imagine that the ways in which misinformation and corrective information are perceived on different platforms. Because we expect differences, but have no research on
which to base expectations in this area, we pose the following research question:
RQ2: How will (a) correction and (b) evaluations of corrective information differ on Facebook compared to Twitter?

Finally, this study examines the mechanisms by which social correction may work to
reduce misperceptions. Given the importance of credibility in successful persuasion
(Petty & Cacioppo, 1984; Slater & Rouner, 1996), adding a source to social correction
may mitigate misperceptions on the issue by first improving evaluations of the social correction itself – and it is these heightened credibility perceptions that then reduce misperceptions. However, such a process might also depend on the platform on which the
correction occurs due to different affordances on Facebook versus Twitter. Adding a
source may prove more important for evaluating social corrections on Twitter, for
example, given that the platform is more commonly seen as a source of news by its
users (Gottfried & Shearer, 2016) and is defined by a weaker and larger unknown audience
than Facebook (Gruzd et al., 2011; Marwick & boyd, 2011). Given the lack of research in
this area, we pose a research question to test a moderated mediation model, in which platform moderates each of the proposed relationships (see Figure 1):
RQ3: Will the relationships among (1) including a source to social corrections, (2) evaluations of the social correction, and (3) misperceptions on the Zika issue differ on Facebook
versus Twitter?

Methods
To test these hypotheses, we conducted an experiment embedded in an online survey in
spring of 2016. Participants were recruited from a large Mid-Atlantic university and
offered course credit for their participation. The total sample included 613 valid responses,
of which 271 were analyzed for this study.1 Participants in this study were roughly 20 years
old (M = 20.17, SD = 4.28) and somewhat more male (57.6%) than female. As expected,
participants also were relatively unfamiliar with the issue of the Zika virus (M = 2.99,
SD = 1.49 on a five-point scale of familiarity), especially in comparison to other current
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Figure 1. Moderated mediation model.

issues like increased drug abuse (M = 4.03, SD = .99), the Islamic State in Iraq and Syria
(ISIS) (M = 4.34, SD = .83) or climate change (M = 4.31, SD = .82).
This study used a 2 (platform: Twitter vs. Facebook) × 3 (Zika information: control,
corrective response without source, corrective response with source) experimental design
to test our hypotheses. After answering a short pre-test questionnaire, all participants were
randomly assigned to see either a simulated Facebook or Twitter news feed (series of
posts). Participants were asked to take their time reading through the posts because
they would be asked questions after viewing all of the posts, and were required to
spend at least five seconds on each page of the feed before the continue button would
appear. Participants were also told that personal information about the people posting
to the feed had been eliminated for privacy purposes, to maintain external validity.
Within either the Twitter or Facebook feed, participants were randomly assigned to one
of three experimental conditions. In the control condition, participants viewed three pages
of control posts, which included posts about social interactions and news. For the other
two conditions, participants viewed the same three pages of control plus an additional
page which contained a single news post, with an anonymous user claiming the Zika outbreak was caused by genetically modified mosquitos in Brazil and posting a news story
from USA Today that validated that claim (in reality, this story was created by researchers). This study manipulated the replies to this post and news story: in the social correction
with sources conditions, two individual commenters both discredited the information and
each commenter provided a link to a debunking news stories from Snopes.com or the
CDC, and in the social correction without sources, two individual posters claimed the
information about genetically modified mosquitos was false but did not provide any outside sources to support their claims (See Appendix for sample posts). After viewing the
simulated posts, participants answered the post-test questions before being thanked for
their participant and debriefed, where they received information that (a) the stories
were all created by researchers for this study and (b) the scientific consensus is that genetically modified mosquitos are not to blame for the Zika outbreak in Brazil (WHO, 2016b).
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Measures
Misinformation about Zika. Participants rated their level of agreement on a seven-point
scale with two statements designed to tap into their knowledge about the cause of the
Zika outbreak in Brazil: ‘the release of GMO mosquitos caused the Zika outbreak in Brazil’
and ‘GMO mosquitos are to blame for the spread of the Zika virus in Brazil.’ These two
items were combined into an index, with a higher score indicating greater misinformation
about the cause of the Zika virus (r = .77, p < .001, M = 3.81, SD = 1.17).
Evaluations of responses. Depending on their conditions, participants were asked to
either evaluate the ‘Facebook comments’ or ‘Twitter replies’ that appeared under the original post about the Zika outbreak as novel/new, useful, interesting, trustworthy, credible,
biased (reversed), accurate, and relevant on seven-point scales. These items were all combined into a single index to compare across conditions (Facebook comments α = .88, M =
3.68, SD = 1.28; Twitter replies α = .83, M = 3.46, SD = 1.18).

Results
To test our hypotheses, a series of two-way ANOVAs were performed. First, we examine
the effects of social correction with or without a source on misperceptions about the causes
of the spread of the Zika virus. We observe a main effect of social correction type, F(2,
269) = 4.74, p = .01, partial η 2 = .035 (see Figure 2). H1 is supported – when the misinformation is corrected and a source is provided, misperceptions are reduced (M = 3.54, SE
= .12) compared to the control condition (M = 4.07, SE = .13, p = .01), in line with our previous research (Bode & Vraga, in press). H2 predicted that social correction that provides a
source will be more effective in reducing misperceptions compared to when no source was
provided, and RQ1 asked whether such a correction would reduce misperceptions compared to the control. Our results suggest that social corrections without sources is not
effective in reducing misperceptions compared to the control (M = 3.84, SE = .12, p
= .57) but neither is it significantly different from correction with sources using a Bonferroni correction (p = .24).
To test RQ2a, which investigated whether the process of social correction differed on
Facebook versus Twitter, we examine the interaction between social correction type and
platform. This interaction is not significant, F(2, 269) = .33, p = .72, nor is the main effect
of platform, F(1, 270) = .59, p = .44. Therefore, our results suggest that social correction

Figure 2. Misperceptions about the causes of Zika.
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requires sources to be effective to combat misperceptions and that such correction occurs
equally on Facebook and Twitter.
Next, we examine evaluations of the responses to the misinformation provided in the
original post. For these analyses, we exclude the control condition, as they did not see
either the misinformation or corrective information and thus could not evaluate these
posts. H3 predicted that responses that provided a source for their correction would be
evaluated more highly than responses without a source. The results support this hypothesis, F(1, 185) = 10.66, p = .001, partial η 2 = .055, with social corrective responses that provide a source rated significantly more highly (M = 3.86, SE = .12, p = .001) than those
without a source (M = 3.29, SE = .12). However, as suggested by RQ2b, this main effect
is conditioned by whether the correction occurred on Facebook versus Twitter, F(1,
185) = 6.60, p = .01, partial η 2 = .035. The pairwise comparison using a Bonferroni correction suggest that adding a source improved perceptions of the corrective replies on Facebook (p = .00) but not Twitter (p = .63; see Figure 3).2
Finally, RQ3 examines whether evaluations of the responses mediates the effects of providing a source for the correction on misperceptions about the causes of the spread of the
Zika virus, and whether this effect is further moderated by social media platform (see Figure
1). To test this moderated mediation model, we use the PROCESS macro, Model 59 (Hayes,
2013). The results create a complicated picture, but do not support an overall moderated
mediation process. First, we confirm a significant interaction between platform and providing sources that predicts evaluations of the response (β = .89, SE = .35, p = .01), as demonstrated in Figure 3. Next, we find that evaluations of the response to the misinformation
is a significant predictor of Zika misperceptions (β = −.67, SE = .24, p = .01), with higher
evaluations of the corrective replies reducing misinformation. However, a second significant
interaction term emerges between platform and evaluation of the social correction replies
(β = .32, SE = .15, p = .04), such that the relationship between the evaluations of the social
correction is stronger for Twitter than Facebook. To parse this interaction, a separate
regression analysis was performed for Twitter versus Facebook, which demonstrated a significant negative relationship between evaluations of the social correction and misperceptions
on Twitter (β = −.35, SE = .11, p < .01) but not on Facebook (β = −.04, SE = .11, p = .71). As a

Figure 3. Evaluations of corrective responses.
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result of these contrasting interactions, the index of moderated mediation is not significant, as
is indicated when the confidence interval includes ‘0’ (β = .00, SE = .18, lower limit confidence
interval = −.36, upper limit confidence interval = .36). These results provide a mixed
response to RQ3: on Facebook, providing a source improves evaluations of the corrective
comments, but these higher evaluations are not associated with reduced misperceptions
on the causes of Zika, whereas on Twitter adding a source does not affect evaluations of
the corrective responses, but higher evaluations of the social correction are related to reduced
misperceptions on the Zika issue (Table 1).

Discussion and conclusions
This study extends previous research by investigating the ways in which social correction
of misinformation functions across two prominent social media platforms: Facebook versus Twitter. Our results expand on evidence that social media can provide effective correction of misinformation, resulting in reduced misperceptions (Bode & Vraga, in press; Bode
& Vraga, 2015) by testing the mechanisms by which other users can engage in social correction, as well as whether this process differs depending on online contexts. This has
important implications for how we think about the role of social media in the modern
information environment.
More specifically, it seems that when everyday users are correcting one another, the
provision of a source confirming the correction being offered is required in order to successfully address and mitigate misperceptions. Social correction absent this corroborating
evidence did not significantly reduce misperceptions compared to the control. This makes
sense from a theoretical perspective – provision of additional information should make
that information seem more credible and thus make the argument more persuasive
(Petty & Cacioppo, 1984; Pornpitakpan, 2004). It also has important practical implications. Those engaged in anti-misinformation campaigns can empower and encourage
everyday users to correct misinformation when they see it. To do so, organizations and
non-profits interested in promoting correct information can disseminate easily shared
material, adapted for social media posting. This allows organizations to effectively multiply their influence, by encouraging others to engage in correction with them.
These results are complicated, however, when we consider the social media platform on
which the social correction occurs. On both Facebook and Twitter, social correction with a
source was successful in reducing misperceptions as compared to a control condition.
However, the mechanisms that were successful for social correction with a source differed
Table 1. Results from the moderated mediation analysis.
Mediator: response
evaluations
Constant
Response evaluations
Comments with sources
Platform
Sources × Platform
Evaluation × Platform
R2
*p < .05, **p < .01, ***p < .001.

Outcome: Zika
misperceptions

β

SE

β

SE

3.62
–
−0.77
−0.22
0.89*

.40
–
.56
.25
.35

5.84
−0.67**
−0.24
−0.89
−0.10
0.32*
.079

.89
.24
.57
.55
.36
.15

.097
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in comparison to social corrections without a source. On Facebook, providing an external
source to substantiate the correction significantly improved perceptions of the corrective
comments, while adding this source did not affect evaluations of the corrective replies on
Twitter. However, the moderated mediation analysis suggested that these higher evaluations of the corrective replies did not directly translate into lower misperceptions on
the Zika issue on Facebook. In other words, even though individuals saw a social correction that provided a source as more credible on Facebook, this heightened credibility did
not lead them to reduce their misperceptions compared to a correction without a source.
In contrast, on Twitter, individuals with higher evaluations of the social correction were
more likely reduce their misperceptions regarding Zika compared to those with lower
evaluations of the correction – but adding a source to the correction was not responsible
for these heightened credibility perceptions.
These findings have several implications for theory development and practical recommendations about correcting misperceptions on social media. First, and most importantly, these results reinforce the value of studying social media platforms separately. This
study highlights that the mechanism underlying the effectiveness of including a source as
part of social correction differs on Facebook versus Twitter. We expect these differences
are rooted in different technical and social affordances are likely to promote some types
of information sharing over others (Lyons, in press). Most notably for this study, people
are more likely to get news from Twitter than from Facebook (Gottfried & Shearer, 2016).
Perhaps this changes their expectations of what news or information looks like in different
platforms. If Twitter is seen as a space for news, including a source may be redundant for
evaluations of the social correction, where the expectation is already that a tweet is offering
new, and presumably credible, information. However, even if this assumption of credibility is not driven by including a source, seeing a social correction as credible directly
translates into reducing misperceptions on the issue. Therefore, this study reinforces
the importance of understanding credibility perceptions on Twitter, even if it cannot
explain what causes some people to evaluate the corrective replies on Twitter more highly.
Future research should investigate what types of information or what individual characteristics enhance perceptions of information quality on Twitter, as it seems like this is a
necessary precursor to successfully addressing misperceptions.
On Facebook, on the other hand, expectations are that content will be primarily social
(Ellison, Steinfield, & Lampe, 2007; Vraga, Thorson, Kligler-Vilenchik, & Gee, 2015),
which could lead users to assume that any posts are opinion rather than fact. When a
source is provided, therefore, it elevates the post (or, in our case, the comment) from
someone’s point of view to a statement of fact, backed up by evidence. However, improving evaluations of the social correction does not then lead to adjustment in attitudes about
the causes of Zika. As a platform whose primary purpose is social in nature (rather than
news), people may be less willing to be persuaded by information on Facebook, even information they deem credible. Alternatively, it may be that social corrections on Facebook are
more likely to have a sleeper effect (e.g., Eagly & Chaiken, 1993; Pornpitakpan, 2004), with
people more slowly updating their attitudes about controversial issues as the source of the
information is forgotten. Future research should examine whether social correction on
social media is more enduring in one format or on one platform compared to others.
A final explanation for these competing findings may rest with the audiences of these
social media platforms. As in the general population, respondents in our sample were
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more likely to have a Facebook account (84% of our sample) than to have a Twitter
account (44% of our sample). Simple familiarity with the platform likely changes the
expectations that people have for it, which could impact their perceptions of information
conveyed there as well, especially given likely differences in familiarity with the platform
and its affordances. Supplemental analyses suggest the pattern of effects is largely similar
when only examining those individuals who have both a Facebook and Twitter account,
although the reduced sample size reduces some of the effects to insignificance.3 Most notably, the interaction between platform and evaluation of the corrective comment is also
reduced to insignificance (β = .26, SE = .25, p = .29), suggesting that among those who
use both Facebook and Twitter, higher evaluations of the corrective information had a
direct impact on mitigating misperceptions. The small sample size limits our confidence
in these results, however, and future research should explore how misperceptions are
reduced for users and non-users of a given platform separately. This is of particular importance on Twitter, as content shared on this platform often moves across channels (e.g.,
Thorson et al., 2013). Future research should focus on building an understanding of
which affordances may be affecting the ways in which people interpret misinformation
and its correction on social media.
This study is also limited by its use of an artificial social media feed, rather than subjects’ own native content. As a result, users had no existing knowledge of the person posting misinformation, nor of those offering corrective comments. This may be of particular
concern on Facebook, where friend networks (while large) often consist largely of known
others (Hampton, Goulet, Rainie, & Purcell, 2011), whose credibility may influence the
persuasiveness of their posts. In contrast, the larger non-reciprocal networks on Twitter
may make correction from unknown others more realistic. Similarly, the social corrections
in this study offer simple, clear, and repeated rebuttals of the misinformation, following
best practices (Bode & Vraga, 2015; Lewandowsky et al., 2012). However, such corrections
may be much less civil in practice, and future research should investigate both what social
correction looks like when it occurs online and the effects that differing contextual cues –
including tone, number of corrections, and source – have on the effectiveness of social correction across platforms.
This study reinforces the importance of studying how the evolving new media environment alters information and misinformation flows online. If social media are often criticized
as a source of misinformation, this study suggests they can also serve as a corrective, when
social peers are willing to offer short rebuttals of information backed up with a credible source.
Moreover, although the mechanisms may differ, social correction with a source was equally
effective in reducing misperceptions on both Facebook and Twitter. These findings offer
hope for planning and implementing social media campaigns to address misperceptions on
a range of health and science issues: one’s peers can effectively offer social corrections, so
long as they provide a source for their information, on diverse social media platforms

Notes
1. Three types of participants were excluded from this study. First, participants in several experimental conditions, which included a manipulation of unrelated responses to the misinformation and exposure to a Facebook algorithm for correction, were excluded from this
study (N = 246). These conditions were not crossed with the experimental design examined
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here and are outside the scope of this study. Second, we exclude participants who do not pass
an attention check (N = 93), which asked participants to select a specific answer to a question
in the post-test to indicate they are paying attention. Finally, we included data only from the
first time users participated in the survey to maintain internal validity (N = 43).
2. There is no main effect of platform on evaluations of the corrective responses, F(1, 185) =
1.65, p = .20.
3. Although the main effects of social correction without or a with a source compared to the
control is reduced to insignificance, F(2, 101) = 1.61, p = .21, partial η 2 = .033, the similar
effect size and pattern of results suggest it may result from a substantial reduction in
power. Moreover, the interaction between platform and source remains significant for prediction evaluations of the social corrections, F(1, 71) = 6.18, p = .02, partial η 2 = .084.
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Appendix. Sample posts

Figure A1. Facebook social correction with sources.

Figure A2. Twitter social correction without sources.
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